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• library(faraway) 
• orings 
• oringsp=orings 
•  oringsp$b<-orings$Total 
•  oringsp$b[1]<-1 
•  

glm.out<glm(b~temp,data=oringsp,family=
binomial) 



• glm.out<-
glm(b~Temperature,data=oringsp,family=bino
mial) 

• summary(glm.out) 
 
 



• Call: 
• glm(formula = b ~ Temperature, family = binomial, data = oringsp) 

 
• Deviance Residuals:  
•     Min       1Q   Median       3Q      Max   
• -1.0611  -0.7613  -0.3783   0.4524   2.2175   

 
• Coefficients: 
•             Estimate Std. Error z value Pr(>|z|)   
• (Intercept)  15.0429     7.3786   2.039   0.0415 * 
• Temperature  -0.2322     0.1082  -2.145   0.0320 * 
• --- 
• Signif. codes:  0 '***' 0.001 '**' 0.01 '*' 0.05 '.' 0.1 ' ' 1  

 
• (Dispersion parameter for binomial family taken to be 1) 

 
•  Null deviance: 28.267  on 22  degrees of freedom 
• Residual deviance: 20.315  on 21  degrees of freedom 
• AIC: 24.315 

 
• Number of Fisher Scoring iterations: 5 

 



• plot(b~Temperature,data=oringsp,ylab=“O
-Ring Damage”) 

• lines(orings$Temperature,predict(glm.out,t
ype="response")) 
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• data(turtle) 
•  temp male female 
• 1  27.2    1      9 
• 2  27.2    0      8 
• 3  27.2    1      8 
• 4  27.7    7      3 
• 5  27.7    4      2 
• 6  27.7    6      2 
• 7  28.3   13      0 
• 8  28.3    6      3 
• 9  28.3    7      1 
• 10 28.4    7      3 
• 11 28.4    5      3 
• 12 28.4    7      2 
• 13 29.9   10      1 
• 14 29.9    8      0 
• 15 29.9    9      0 

 

































































































• data(turtle) 
• turtle$n<-turtle$male+turtle$female 
• glm.turtle<-

glm((male/n)~temp,weights=n,family=bino
mial,data=turtle) 

• summary(glm.turtle) 
 
 



• Call: 
• glm(formula = (male/n) ~ temp, family = binomial, data = turtle,  
•     weights = n) 

 
• Deviance Residuals:  
•     Min       1Q   Median       3Q      Max   
• -2.0721  -1.0291  -0.2714   0.8087   2.5550   

 
• Coefficients: 
•             Estimate Std. Error z value Pr(>|z|)     
• (Intercept) -61.3183    12.0224  -5.100 3.39e-07 *** 
• temp          2.2110     0.4309   5.132 2.87e-07 *** 
• --- 
• Signif. codes:  0 '***' 0.001 '**' 0.01 '*' 0.05 '.' 0.1 ' ' 1  

 
• (Dispersion parameter for binomial family taken to be 1) 

 
•     Null deviance: 74.508  on 14  degrees of freedom 
• Residual deviance: 24.942  on 13  degrees of freedom 
• AIC: 53.836 

 
• Number of Fisher Scoring iterations: 5 

 
 













































































> stepAIC(bpd2) 
• Start:  AIC= 8  
•  BPD ~ lnH + lnL + lnM  

 
•        Df  Deviance    AIC 
• <none>    2.490e-07  8.000 
• - lnL   1     6.478 12.478 
• - lnM   1     8.272 14.272 
• - lnH   1    34.013 40.013 

 
• Call:  glm(formula = BPD ~ lnH + lnL + lnM, family = binomial, data = bpd)  

 
• Coefficients: 
• (Intercept)          lnH          lnL          lnM   
•    -6844.33      1239.44        48.53        92.38   

 
• Degrees of Freedom: 39 Total (i.e. Null);  36 Residual 
• Null Deviance:      50.45  
• Residual Deviance: 2.49e-07     AIC: 8  

 















• Download data from 
www.owlnet.rice.edu/~stat553/  



• bpd$lnL <- log(bpd$Low+1) bpd$lnM <- 
log(bpd$Medium+1) bpd$lnH <- 
log(bpd$High+1)  

• # Use the glm function to fit a # logistic 
regression model bpd2 <- glm(BPD ~ lnL 
+ lnM + lnH, family=binomial, data=bpd)  



• summary(bpd2)  
• anova(bpd2, test="Chisq")  

 
• bpd2 <- glm(BPD ~ lnH + lnL + lnM, 

family=binomial, data=bpd) 
summary(bpd2) anova(bpd2, test="Chisq")  
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